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Algorithm 1 The pipeline of the proposed OLS
Input: Dataset Dirasn = {(@i,y:i)}. model fg, training
epochs T
Initialize: Soft label matrix S° = %1 . I denotes unit
matrix, K denotes the number of classes
for current epoch t =1 to 7" do
Initialize: S* = 0
for iter = 1 to iferations do
Sample a batch B C D,.;,. input to f,
Obtain predicted probabilities { f(#, x;).x; € B}
Compute loss by Egn. (4), backward to update the
parameter #
for i =1 to |B| do
Update St + St + f(0,=;)
end for
end for
Normalize S* at each column
end for
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